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Construction and Application of Users” Behavior Model in the Video on Demand System
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'( Department of Automatiion University of Science and Technology of China Hefei 230027 China)
2( Anhui Sanlian Applied Traffic Technology Co. LTD Hefei 230081 China)

Abstract: By studying the behavior of Video-On-Demand users a mathematical behavior model can be bulit which may guide the
improvement of the video data caching algorithms. This paper investigates the common mathematical models of the users” behavior
analyzes a batch of video data and finds that the siretched exponential model can better match the real demanding frequencies of videos
than the Zipf model. It also implement the stretched exponential model to model the playback length of videos and gets very good fit—
ting which confirms the correctness of the obtained playback length model. Moreover it proposes a method to predict the upper
bound of the hitting rate of video data caching algorithms based on the achieved video demanding frequency model and the playback
length model. That upper bound plays an important role in quantitatively evaluating video data caching algorithms.
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Fig.3 Zoom in the CCDF fitting curve by
the truncated stretched exponential model
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Table 1 Demanding probabilities of slices of all videos
P14 P19z P 191999 P 192000
3.1 P24 P29 P291999 P292000
’ P3qy P3q2 P391999 P392000
( Video On Demand VOD)
( ) Psc0009 1 P 5600092 P5600091999 P 56000 92000
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